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Abstract 

In this paper, three omniwheels are positioned at an equilateral triangle having the vertices with wheel axles connected from 

the center of the triangle with the rays to every individual wheel in a typical mobile robot configuration. Omniwheels as normal 

wheels are moving perpendicularly to the direction of the wheel axle by the motors, however, unlike normal wheels, they may 

slide parallelly to the axle direction. Apart from a directed automobile, a time-optimal robot with such architecture may travel 

in either direction without rotating initially, and that can spin while doing so. Straight lines seem to be the shortest pathways 

for this time-optimal robot with minimum motion timing. The robot, on the other hand, might drive faster in certain 

various directions with minimum motion time. In this paper, we use a robot kinematic model to set independent speed 

boundaries with minimum motion time for the wheel and calculate the quickest analytical paths between setups. In this paper, 

the robot with minimum motion timing is analyzed in terms of spins, circular arcs, as well as a tangential motion to the wheel 

axles, which appear in the time-optimal trajectories of the robot. Thus, the sequence of various segments in time-optimal 

robot trajectories is analyzed. 

Index Key: Time-optimal robot, Spin, Circular arc, Tangential motion, Switching function. 

1. Introduction 

Classical motion-planning issues addressed how an object is moving from a specified beginning point to 

the desired target point without striking anything. It might be known as the Object Mover's issue. Other 

components of the issue, including differential constraints, uncertainties, modeling mistakes, and 

optimality, were also included [1]. A near-optimal approach is commonly computed to decrease the 

runtime required of an issue in a real-world application [2]. Generally, motion planning is a challenging 

problem since it requires optimizing both geometry constraints and the geometric path time (such 

as collision avoidance and dynamic constraints). The motion-planning issue is frequently separated to 

decrease complications [3–6]. An increased geometry route planner generates a route for a robot in the 

initial phase, taking into account geometric restrictions while disregarding the dynamic system. A 

velocity characteristic for a predetermined path is created in the following trajectory planning and 
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velocity profile generation phase when each and every robot's restrictions are imposed on the preceding 

path. A scalar route coordinate (𝜃(𝑡))  maybe utilized to indicate robot location on the path because 

the intended path has previously been specified in this stage [7–9]. The scalar route coordinates have 

the advantage of reducing the state-space of the high-dimensional model of the robotic system.  

Mobile robots are generally defined by the performance of robotic motions that are being employed in a 

variety of application fields. Holonomic mobile robots including three-wheeled Omni-directional mobile 

robots (TOMRs), may conduct rotational and translational motion independently from any beginning 

configuration, contrasting nonholonomic variance-driven mobile robots [10–12]. As a requirement for 

efficient controller construction, omnidirectional mobile robots are extensively investigated.  

The dynamic modeling of the Omni-directional robot orthogonally is constructed [13, 14]. Since then, a 

model is developed wherein the robot's location is determined by reduced geometric connections [15]. 

A new model [16], a basic model of its friction among the floor and robot's wheels, considers the impact 

of sliding. In addition, generally dynamic properties of n-wheeled mobile robots with control 

redundancies are investigated [17]. In the global frame coordinate, more complete modeling of TOMR 

dynamics with motor parameters is recently introduced [18]. The time-optimal TOMR movements are 

discussed in this work. Several aspects of a motion, including energy usage, security, planning ease, and 

accuracy, should be considered as well. Nonetheless, time-optimality is a key property of a robot, 

according to Balkcom et al. [19].  

2. Related work 

Wheeled autonomous mobile robots are divided into many types. These robots are classified as non-

holonomic or holonomic platforms based on their mobility restrictions. Since the inputs fed into 

the number of the controller is smaller rather than configurational dimensional space, nonholonomic 

motion does have restrictions in terms of traveling in any direction. The wheeled mobile robot is 

sometimes treated as a particle to make the construction of algorithms independently of the 

robot's mobility restrictions easier. Differential, tricycle, bicycle, automobile, 

omnidirectional, synchronous, and tracked vehicles are the various driving modes of wheeled mobile 

robots [20]. The process begins with perception as well as progress to motion control, which is the final 

stage before completing correct movements. Moreover, based on the wheeled autonomous mobile 

robot setting (outdoor or inside) or the mission, the sensor data flow might be a bit variable. The 

perception stage decides what information about the robot's environment is required to accomplish 

a behavior motion. Sensors seem to be necessary components for the mobile robot to perceive its 

surroundings.   

[21] investigated the impact of processing as well as sensing energy usage. However this stage seems to 

have the potential to impact energy usage, it has received little attention. The autonomous wheeled 

mobile robot, for example, does not require the usage of all sensors at an identical time. It may use 

different sensors depending on the accuracy necessary for the perception stage as well as swap among 

them at appropriate moments [22]. The mapping step simulates the environment once the robot has 

detected its surroundings. It combines the data acquired by the sensors into a visual representation. As 
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a result, the AWMR's position is determined during the localization stage. Even though both phases are 

critical during missions as they consume very little energy. Utilizing appropriate algorithms, on the other 

hand, can reduce CPU demands. The steps of planning, as well as motion controlling, have a direct 

impact on the motion. Furthermore, to determine research gaps, the researchers divide current 

publications on energy in navigating phases as planning as well as motion control stages.  

3. Systematic Approach 

Assuming 𝑞 = (𝑥, 𝑦, 𝜃), as the robotics state whereas the robot's center is located at the angle acquired 

by the line between the center approaching the very first wheel horizontally as illustrated in Figure 1. 

Considering the distance between the robot's center and the wheels is obtained without losing 

generality. Additionally assuming three wheel-speed controllers, v1, v2, as well as v3, are all in the range 

[-1, 1]. 

 

Figure 1: The robotic model. 

3.1. Geometric Interpretation of the Switching Functions: 

The geometric explanation of the switching functions may be found here. Assume the (𝑥, 𝑦) function: 

(𝑥, 𝑦) = 𝑘1𝑦 − 𝑘2𝑥 + 𝑘3                                                                                                            (1) 

The (𝑥, 𝑦) is indicated as the scaled distance between a point (𝑥, 𝑦) as well as a line in the plane 

wherein, its position is defined by the parameters 𝑘1, 𝑘2, as well as 𝑘3. Then, considering the line exist 

‘at infinity' whether 𝑘1
2 + 𝑘2

2 = 0, this line is known to be a switching line. Lets the switching line's 

direction is provided, hence any point (𝑥, 𝑦) will be on the left side of the switching line when (𝑥, 𝑦) >

0 whereas it lies on the right side of the switching line when (𝑥, 𝑦) < 0. 

3.1.1. Theorem 1:  

Establish the rigidly connected points namely 𝑆1, 𝑆2, as well as 𝑆3 with a certain distance from the 

robot center as well as 60◦, 180◦, and 300◦ angles with the ray from robot center to wheel 1, as shown 

in Figure 2. There are constants 𝑘1, 𝑘2, 𝑘3, as well as a line namely the switching line for each time-

optimal robot trajectory to target in order to minimize the motion time. 
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𝐿 = {(𝑎, 𝑏) ∈ 𝑅2: 𝑘1𝑏 − 𝑘2𝑎 + 𝑘3 = 0}                                                                                      (2) 

Therefore, the point locations such as 𝑆1, 𝑆2, as well as 𝑆3 are relative to the line determines the robot 

motion control with the minimum time 𝑣1, 𝑣2, as well as 𝑣3. In particular, for i ∈ {1, 2, 3}, 

𝑣𝑖 = {
1 𝑖𝑓 𝑆𝑖 𝑖𝑠 𝑡𝑜 𝑡ℎ𝑒 𝑟𝑖𝑔ℎ𝑡 𝑜𝑓 𝑡ℎ𝑒 𝑠𝑤𝑖𝑡𝑐ℎ𝑖𝑛𝑔 𝑙𝑖𝑛𝑒.
−1 𝑖𝑓 𝑆𝑖 𝑖𝑠 𝑡𝑜 𝑡ℎ𝑒 𝑙𝑒𝑓𝑡 𝑜𝑓 𝑡ℎ𝑒 𝑠𝑤𝑖𝑡𝑐ℎ𝑖𝑛𝑔 𝑙𝑖𝑛𝑒.

                                                                (3) 

 

Figure 2: Geometric interpretation of switching function. 

Proof:  

Assuming, the coordination of 𝑆𝑖  are (𝑥𝑆𝑖
, 𝑦𝑆𝑖

) . We find that 𝜑𝑖(𝑥, 𝑦, 𝜃) = (𝑥𝑆𝑖
, 𝑦𝑆𝑖

) defines the 

switching functions, then computing the scaling distance from the line L of point 𝑆𝑖. 

𝑆1 , 𝑆2 , as well as 𝑆3  are the switching positions. The switching line location is set by the 

selecting constants for any time-optimum trajectory of the robot, as well as the controls at each point is 

determined whereas the switching function's magnitude is not determined. An instance is shown in 

Figure 2. 𝑆2  and 𝑆3  are the two switches positioned on the left side of the switching line, the 

associated functional switching is non-negative, and wheel 2 and wheel 3 are spinning in the opposite 

direction at high speed with minimum time. Wheel 1 spins at high speed in the positive direction with 

minimal motion time since the residual switching point (𝑆1) seem to be on the right side of the switching 

line. The time-optimal robot would pursue a circular arc with the clockwise motion as an outcome of 

such a control system. The center arc is at a certain distance from the robot, and then it runs along the 

line that connects the robot's center with wheel 1. 

The control systems consider the entire maximum or lowest value, the robot rotates in location, 

whether all 3 switching functions possess a similar indication. The rotation center is the robot's center, 

which refers to as IC 0. The robot revolves in a circular arc when there are non-zero switching 
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functions but not all possess a similar indication. The ray linking the robot center and the wheel 

correlating to the minimum switching function, then the rotational center is a certain distance from the 

robot center. The rotational centers correlating to every wheel are referred to as IC 1, IC 2, as well as IC 

3. 

A combination of several switching functions remains unaffected by robot parallel translation as shown 

in Figure 2.  While the positive constant has no impact on the switching functions, controlling does. 

frame on the switching line regarding the x-axis and an appropriate balancing plane, such that y 

represents the switching line's distance and θ ensures that regardless of sacrificing generality, the 

robot's tilt relative to the switching line remains constant. When using this set of coordinates, the 

switching functions are more efficient. 

𝜑1 = 𝑦 − 2𝑠1                                                                                                                                (4) 

𝜑2 = 𝑦 − 2𝑠2                                                                                                                                (5) 

𝜑3 = 𝑦 − 2𝑠3                                                                                                                                (6) 

The robot can spin in location, travel in a circular arc, move in the perpendicular direction to the line 

connecting two wheels, or move in the parallel direction to the line connecting two wheels. Every 

control is denoted using a symbol, such as 𝑆𝑖,𝑗, 𝑃±, 𝐶±, 𝑜𝑟 𝐷𝑘±. The subscripts are determined by the 

switching function's particular indications. Theorem 1 explains the extremal controls in explicit 

geometrical terms. The controls are based on where the switching points are concerning with the 

switching line. 

3.2. Wiggling up and down:  

When the robot is at a safe distance from the switching line, all wheels spin in the same direction. A 

Figure 3 example is shown. The robot rotates clockwise (P-) when it is on the left side of the switching 

line and rotates counterclockwise (P+) when it is on the right side of the switching line. 

 

Figure 3: Spin motion control. 
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3.3. Circular arc: 

Figure 4 depicts a counterclockwise arc about IC 2 (𝐶2+). When 2 switching points are present on the 

identical side of the line whereas the opposing side of the line contains a single point, in a particular 

direction these two wheels spin at high speed with the minimum time and in the opposing direction the 

remaining one wheel spins at high speed with minimum motion time. These control systems provoke 

the robot to implement a circular arc with a radius; then IC is proportional to the switching point which 

is not on the identical side whereas the remaining one point is at the arc center, and the rotational 

direction is determined by if the switching point is on either right or left side of the line. 

 

Figure 4: Circular arc motion control. 

3.4. Tangent:  

The switching points following circular arcs spin the robot in stationary or following a circular arc. When 

anyone such arcs are perpendicular to the switching line, then a solitary control is feasible at 

the tangential point, and the robot can translate together with the switching line for an indefinite length 

of time until a circular arc is resumed.  Figure 5 depicts the tangential motion. A tangent trajectory 

motion of robot divides a one circular arc further into three parts. Single S straights, perhaps of zero 

duration divide those segments. As illustrated in Figure 5, the arc portions are 𝐶𝑠𝑡𝑎𝑟𝑡 , 𝐶𝑚𝑖𝑑, as well as 

𝐶𝑒𝑛𝑑. In a whole 𝐶𝑚𝑖𝑑 section, the robot spins around 60◦ degrees. 
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Figure 5: Tangent trajectory motion of the robot 

4. Result and Discussion 

Simulations backed with our theoretical findings. We demonstrate that, despite being dependent on the 

robot kinematics, Property 1 exhibits significant concordance with the dynamic simulation. The 

robot travels a straight route of five meters throughout all scenarios of motion. The experiments have 

a 1-millisecond resolution; they end once the error falls under 0.1 percent. In the first experiment, 

various instances of rotation are provided. Using the same symmetry as previously stated, the 

robot starting headings are picked in the range of approximately −60∘ to 60∘. The experiment 

demonstrates that, except for the time-optimum, enabling rotation always results in a quicker transit, 

confirming Property 1. If the beginning direction is ±30∘, the trajectory motion time with all the 

scenarios rotation is 14.4% greater than when rotation is allowed. We can also observe that if the 

robot heading to the target via the trajectory movement of the robot underspin, circular arc, and 

tangential motion and the ideal input vector is the lowest motion time under rotation is obtained. 

 

Figure 6: Spin, circular arc, and tangential motion for a robot. 
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Figure 6 illustrates that when the robot starting heading is not a maximum translational angle, the 

robot's quickest transit is obtained with the minimum motion time. The horizontal axis with the angle 

offset denotes the angle changed before the robot's translational movement. The indication of offset 

angles denotes a shift in the starting trajectory approaching (-) or away from (+) the closest maximum 

translational angle. Utilizing these spin, circular arc, and tangential motions for every beginning direction 

does result in the shortest time-optimal trajectory. In addition, the lowering edge of the 60∘ line 

correlates to the quickest motion when there is no perturbation and disturbance, respectively. 

5. Conclusion 

In this paper, with the geometric interpretation of the switching function, the challenge of producing the 

fastest shortest route for a robot with minimum motion time under various conditions is investigated. 

Thus, we think, is the initial effort at an analytical solution to this issue. For the time-optimal robotic 

motion, that has practical analysis of geometric interpretation of switching function under the various 

motion such as spin, circular arc, and tangential motion of the robot. We also observed that the 

minimum motion time is influenced by the robot's starting direction, which we confirmed with 

simulations. A robot can spin while moving. As a result, we looked into the challenge of determining the 

fastest shortest route if the robot could spin, circular arc, and tangential motion. The intricacy of the 

dynamics precludes us from finding an explicit solution to such an issue. Nonetheless, we discovered 

that the quickest motion of the robot with the minimum time as per theorem 1. Thus, the experimental 

results give the minimum time of the robot in terms of spin, circular arc, and tangential motion. This 

paper will pave the path for the upcoming research in this field.  
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